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Abstract: Image fusion is a very important branch in the field of image processing.The fusion of visible image and infrared image
plays a very important role in machine perception target detection and tracking monitoring remote sensing image defogging and so on.
In order to solve the problems of some current fusion algorithms such as poor timeliness high complexity low degree of generalization
and large amount of information loss after fusion the neural network FusionGAN is improved.A multi-scale convolution PSConv and a
lightweight attention module ECA-Net are introduced.The former can perform multi-scale feature fusion at a more fine-grained angle and
the latter can adaptatively select the size of one-dimensional convolution kernel to achieve performance optimization.Classical infrared
and visible data sets TNO and NIO are used in experiment. Experimental results show that the improved algorithm is significantly
improved as compared with the original algorithm and other algorithms under subjective and objective evaluation.
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