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Improved PWStableNet Electronic Image Stabilization
Network Based on Local Motion Constraints
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Abstract: In order to improve the local distortion of the video image output by PWStableNet image stabilization neural network,
two new constraint methods are proposed as improvements to suppress excessive motion in the output video by the form of loss function
and prevent the occurrence of local distortion. The main work is the design of two constraint schemes. One scheme analyzes the warpage
field in frequency domain to encourage low-frequency information and suppress high-frequency information; the other analyzes the
generated stable frame, calculates the intensity of local motion, and also encourages stable motion and suppresses violent motion.
Through the comparison of experimental data,in terms of subjective effect, the inter-frame difference diagram output by the improved
network is closer to the true stable video,and the excessive local motion is suppressed;in terms of objective evaluation indicators, most
performance indicators of the improved network are higher than those before the improvement, and the average improvement of
performance effectiveness is 7. 73% ,which shows that the comprehensive quality of the improved neural network is better than that of
the original network.
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