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1 Introduction
The movement of the human body can take place in the fields of sport, comics, medi-
cine, health and so on. Inertial motion is a technology that uses inertial sensors to record 
human motion. The advantage is that it has no website restrictions and is easy to use. 
The existing inertial motion products circulating in the market are expensive, and the 
algorithms are tightly confidential, which are not helpful to the application and research 
of motion capture technology.

With the continuous improvement of computer vision technology and image pro-
cessing theory, by the end of the 1980s, people introduced a mature optical motion 
capture system, which provided good technical support for film and television produc-
tion and improved the production efficiency of staff, avoiding a lot of monotonous and 
repetitive work. The current optical motion capture system has made great strides and 
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improvements and can accurately record multi-point 3D projection in space under high-
speed sampling conditions.

At present, the Internet of Things has become another change after the new techno-
logical form of the Internet of Things. This will break the traditional fitness method and 
become a new fitness standard. Zhu W studied mass sports and fitness based on the 
Internet of Things and intelligent systems. The digital terminal can monitor the health 
status at any time through the intelligent information collection device. At the same 
time, on the basis of collecting and analyzing health data, he provides residents with 
a personalized consultation plan, allowing residents to participate in healthy diet and 
exercise, so as to achieve the goal of health. However, the data analysis of this system 
is not accurate enough, leading to errors in the results [1]. Motion capture systems are 
more and more widely used. Qiu Y discussed a motion capture system that uses camera 
images to obtain 3D human motion data. In this system, in order to detect the feature 
points of human body parts, he used some color markers and human contour images to 
be able to move the human body without restriction. And, he uses two cameras to esti-
mate the 3D position of the feature points through a stereo method. However, the design 
of the system’s image capture function is not very complete and needs to be further 
strengthened [2]. In order to solve the problem of errors in monitoring human move-
ment, Zhu G Z proposed a method of human movement pattern recognition based on 
multiple sensors, such as the data fusion of acceleration sensors and gyroscopes. This 
method receives the human body motion information output by the gyroscope and 
extracts the acceleration sensor. Kalman filtering algorithm is used to synthesize multi-
sensor information, which improves the accuracy of posture angle measurement. He 
also established a hidden Markov model based on human postures, to recognize various 
human motion bodies according to the daily activity state of the human body. However, 
the scope of application of this method is relatively small and not practical enough [3].

The novelty of this article is (1) error analysis of the motion capture system, error mod-
eling and error analysis of experimental data by both hardware algorithms and software. 
(2) On the established motion capture system, the original data characteristics of the 
three sensors were analyzed, which confirmed the necessity of fusing the three sensors.

2  Motion capture method based on the Internet of Things and wireless inertial 
sensors

2.1  Internet of Things

The Internet of Things is an important part of modern intelligent systems and plays an 
important role in the development of information flow. Integrated detection, storage, 
computer technology and its applications and design concepts of the Internet of Things 
play an important role in industry and commerce, processing and everyday life [4]. The 
object-based Internet platform, with the support of information technology, establishes 
a wide range of connections between objects, forming an interactive three-dimensional 
network, connecting the virtual world and the physical world.

The basic characteristics of the Internet of Things can be summarized in the fol-
lowing three points: (1) full perception: use radio frequency identification devices, 
sensors and QR codes to receive information on objects anytime and anywhere, (2) 
reliable transmission: real-time and accurate transmission of information on objects 
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through the network and (3) intelligent processing: use intelligent computer technol-
ogy to analyze and process a large amount of data and information and then check 
intelligent objects [5, 6].

2.2  Motion capture technology

Motion capture technology uses video equipment, motion sensors and other equip-
ment to monitor the movement of some or all of the joints of the human or animal body, 
measure joint motion information and provide reference data for gait recognition and 
film production, and television [7]. This technology currently has a wide range of appli-
cations in film and television production, interactive games, virtual reality and personnel 
training.

Kalman filter is an unbiased, linear and minimum variance optimal estimation theory 
[8]. Understanding the mathematical model of the state vector and the observation vec-
tor, the characteristics of the statistical noise of the state and the means of observation 
and the initial value of the state of the system, the measured data and the sensor state 
equation can be used to derive the relationship between the system state medium and 
the observation data. Kalman filtering is divided into two stages: prediction and infor-
mation [9, 10]. In the prediction phase, the state estimation at each moment is estimated 
based on the previous state value. So get the prediction equation:

That is, the state at each moment is transformed from the state at the previous 
moment through the state transformation matrix, plus the control amount at the current 
moment [11]. Since this system does not contain the control quantity at every moment, 
it can be simplified as:

In addition to the estimation of the system state at each moment, it is also necessary 
to estimate the accuracy of its estimation, so it is expressed in the form of covariance in 
formula (3):

In this way, the next state can be predicted based on the previous state. Since Kalman 
filtering is an iterative process, the state needs to be updated after each prediction [12].

After obtaining the current state estimation value, the current measurement value can 
be combined to obtain an optimal estimation value of the current state.

Among them, Cx is the observed value, and Kx is the Kalman gain, which can be 
obtained by formula (5):

Finally, find a new covariance matrix to complete this iteration.

(1)Px,x−1 = Qx,x−1Px−1 +HxIx−1

(2)Px,x−1 = Qx,x−1Px−1

(3)Ax,x−1 = Qx,x−1Ox−1Q
T
x,x−1 + Bx−1

(4)Px = Px,x−1 + Kx[Cx −HxPx,x−1]

(5)Kx = Ax,x−1 +HT
x [HxAx,x−1H

T
x + Rx]

−1
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2.3  Capture method of wireless inertial sensor

The angle between the device and the gyro can be obtained by reading the direction 
pointed by the axis by the method; that is, the angular velocity can be obtained. The 
magnetometer is used to test the strength and direction of the magnetic field [13]. The 
nine-axis inertial measurement sensors currently used for motion signal collection 
including three-axis gyroscope sensors, three-axis acceleration sensors and three-axis 
magnetic induction sensors are relatively mature, which can better realize the position 
and positioning of the sensor nodes of human body motion capture, thereby realizing 
actions capture accurately.

The technology is divided into two parts: front-end hardware and back-end software. 
The main functions and contents of raw materials include the use of motion capture sen-
sors for the collection of human motion data and the transmission of this data to com-
puter motion data [14, 15]. The main features and content of the back-end software use a 
computer to efficiently process the collected traffic data, so that the computer can auto-
matically recognize the activity category of the captured object and use the computer to 
reproduce the action and human interaction.

3  Methods section
3.1  Action data preprocessing

In order to obtain a better experimental model, a Butterworth low-pass filter and low-
pass filter will be processed before the data processing. The following is the preprocess-
ing of the data: first, use a low-pass filter to process the collected data, so as to remove 
the high-frequency interference caused by the body from the inertial sensor [16]. Then, 
since the initial state and the end state of the data we collect are using the initial state of 
standing, these are the action signals that we do not need, and the signals in this respect 
need to be filtered out.

3.2  Human motion model

According to the introduction of Kalman filter for the optimal estimation of carrier atti-
tude, it can be seen that motion acceleration is one of the main sources of dynamic error, 
especially when the limbs are in motion [17]. Assume that the motion acceleration at a 
certain joint is a, and the output of the accelerometer is b, which is used as a criterion for 
measuring and judging. Set the threshold value to �T  , then the effective output range of 
the accelerometer is shown in Eq. (7).

When the carrier is in motion and satisfies formula (8), the error of angle estimation is 
the maximum, and the following formula is obtained:

Then, the maximum angle error judged according to the threshold is:

(6)Ax = [1− KxHx]Ax,x−1[1− KxHx] + KxRxK
T
x

(7)1−�T < ||b|| < 1+�T

(8)x =

√

a2 − (1− y)2, y =
(1−�T )− a2 + 1

2
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Substituting different motion acceleration thresholds into Eqs.  (8) and (9), the angle 
estimation error is shown in Fig.  1. According to the threshold calculation result, the 
angle estimation error still exists, which cannot meet the actual usage requirements. 
Moreover, when there are different degrees of motion acceleration in the three axes, 
the amplitude may be close to 1 g. If only the acceleration amplitude is used to directly 
adjust the reliability of the X-, Y- and Z-axes, it is easy to cause misjudgment [18].

3.3  Inertial motion capture system

The current typical inertial motion capture system is composed of MEMS gyroscope, 
MEMS accelerometer and magnetometer, and sensors with different characteristics 
cooperate with each other.

Figure 2 shows a block diagram of a general motion capture system. Inertial motion 
capture systems usually consist of multiple rigid models to remove the human body. 
Install sensor nodes on each rigidity [19]. A general sensor node is composed of a micro-
processor, sensor, data transmission unit and power management unit. The micropro-
cessor is responsible for reading and sending data and is the control section of the entire 
node. The sensor is used for 3D acquisition of acceleration, angular velocity and geo-
magnetic voltage. The power management unit is used to provide stable power to the 
entire node. The data collection unit collects data from all sensors and sends it to the 

(9)θmax = tan
−1(x/y)
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computer. According to actual needs, data acquisition units are generally divided into 
two categories: wired and wireless [20]. The wireless data acquisition unit has no cable 
limitation, which is more convenient for users. Computer processing software uses 
related algorithms to calculate the position of each node and visualize the calculation 
results.

4  Discussion
4.1  Kalman filtering algorithm analysis

Use sensors to collect two sets of data, static data and linear motion data.
The first is to analyze static data. Static data are to fix the sensor module on a hori-

zontal tabletop and collect enough data for analysis. A total of 200 sets of data were col-
lected. Select five groups of data as representative samples, as shown in Table 1.

From the front to the back are the acceleration Kalman filtering comparisons of the 
X-axis, Y-axis and Z-axis, where sample is the number of data sets. From the data in the 
table, it appears that the data of the three axes before filtering are around the three val-
ues of 0, 0 and 1, which can be considered as fluctuations caused by errors. After Kalman 
filter processing, the waveform becomes smoother, a lot of jitter is reduced, and the 
value is closer to the three values of 0, 0, and 1, and the error of the static state is reduced 
by 23.1%.

Then, the analysis of the linear motion is similar on the three axes, and for the con-
venience of calculation, the linear motion data are the sensor.

The module only moves 0.5 m in the positive direction of the X-axis, while the Y-axis 
and Z-axis should not move as much as possible. The movement collected 20 sets of 
data. Select 5 groups of data as representative samples, as shown in Table 2.

From the data in the table, it can be seen that the image of the system becomes 
smoother after Kalman filtering, and it is obviously reduced. At the same time, the shape 
of the original motion pattern is not lost, and the state of the motion process is basically 
maintained (stationary to acceleration to deceleration to zero speed). At the same time, 
the final distance after direct integration and Kalman filtering can be compared, and the 
Kalman data are closer to the real data. From this perspective, the effect of the Kalman 
filter can also be seen.

Table 1 Static data sample

Sample 1 2 3 4 5

X 0.03 − 0.06 0.00 − 0.17 − 0.15

Y 0.04 0.05 0.01 0.11 0.14

Z 1.04 0.98 0.97 1.05 0.91

Table 2 Samples of linear motion data

Sample 1 2 3 4 5

X 0.53 0.44 0.50 0.33 0.35

Y − 0.02 0.05 − 0.01 − 0.04 − 0.18

Z 1.03 0.89 0.93 1.02 0.93
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4.2  Effect of human motion capture

In order to show the movement of the limbs, the system arranges sensor nodes at the 
joints of the limbs to collect movement data. Take the arm as an example. The system 
arranges the sensor nodes at the three joints of the shoulder, elbow and wrist to collect 
the motion data of the three joints. Another node acts as an embedded gateway to col-
lect the motion data sent by other nodes and then sends it to the data processing module 
through the serial port. This system distinguishes the data of different nodes through the 
different node number of each sensor node during data processing. And simultaneously 
process different node data separately. According to the initial position data processing 
module of the three joint points, the node position is initialized. After analyzing and 
processing the data, a three-dimensional drawing is performed according to the position 
of the three points at each moment, so as to obtain the corresponding movements of the 
limbs.

Let the arm bend and swing to the left to get the drawn three-dimensional animation 
(for display effect, select a part of the frame to draw the pattern) as shown in Fig. 3.

5  Results section
This article analyzes the background, application fields and development prospects of 
the limb motion capture system. The development status of wireless sensor network 
and body motion behavior capture is introduced. According to the requirements of the 
implementation of this system, the application of inertial navigation technology and 
wireless network of sensors, network technology for the recording of the motion detec-
tion pattern of the joints is proposed. In addition, this article uses inertial navigation 
technology to realize data processing, uses angular velocity data to correct the accel-
eration direction, maps the acceleration data on the sensor coordinate system to the 
geographic coordinate system and calculates the speed of each node by integrating the 
corrected acceleration data and displacement, so as to obtain the movement trajectory 
of each joint of the limb, and finally draw the movement state of the limb.

Abbreviation
3D: Three-dimensional.
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Fig. 3 Three-dimensional animation of arm movement
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