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No-reference blurring image quality assessment based on
local standard deviation and saliency map
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Abstract: In order to evaluate the quality of blur image effectively, a no-reference image quality assessment
method based on local standard deviation and saliency map is proposed. First, the Gaussian low-pass filter is
used to construct a reference image through blurring the given image. Then, two features, namely local
standard deviation map and saliency map, are selected to evaluate the quality of the blur image according to
the changes of the two features before and after the blurring process. The proposed method is tested on LIVE
database and CSIQ database, on which the Pearson linear correlation coefficients are 0. 9315 and 0. 9254
respectively, and the Spearman rank correlation coefficients are 0. 9258 and 0. 8962 respectively. Experimental
results indicate that the proposed method is close to the state-of-art method LPC-SI, however its
computational complexity is much lower, only about 4. 7% of that of LPC-SI.
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Fig. 1 Illustration of image reblur effect
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Fig.2 Comparison of local standard maps and saliency

maps of different blurred image
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Table 1 Evaluation of 6 images in Fig. 3
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Fig. 4 Curve fitting between DMOS and predicted scores of six methods after nonlinear mapping
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