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Fig 1 Single-band image of the AVIRIS data
(a): 557. 07 nm; (b): 923 05 nm; (¢): 1 881 54 nm
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Fig 2 Row auto correlation of several bands of hyperspectral image
(a): Twentieth; (b): Fortieth; (¢): Hundredth
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Fig 3 Column auto correlation of several bands of hyperspectral image
(a): Twentieth; (b): Fortieth; (¢): Hundredth
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Fig 4 Auto correlation’s contrast between hyperspectral image and RGB image
(a): Contrast of row auto correlation; (b): Contrast of column auto correlation
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Fig 6 Histograms of 20~22 bands
(a): Twentieth; (b): Twenty-first; (¢): Twenty-second
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Fig 7 Histograms of R, G, B bands
(a): R band; (b): G band; (¢): B band
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A New Hyperspectral Image Compression Method Combined with
Subspace Partition and Multi-Inter-Spectral Prediction
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Abstract Because of their rich and complex texture, multi-band and high spectral resolution, hyperspectral images are widely
used in military, marine, agriculture and other aspects; however, their huge data also brings many troubles. Currently, there’re
almost three types of the hyper-spectral image compression methods: the method based on transform, prediction and vector
quantization, among which, the method based on prediction has the advantages such as easy implement and higher compression
ratio, then it’s widely used. In the present paper, features of hyperspectral images are analyzed first in detail, then inter-spectral
prediction algorithm is improved, and a new scheme which consists of subspace partition and multi-inter-spectral prediction is

proposed, and finally, the experiments show that the program is effective.
Keywords Hyperspectral image; Compression; Multi-inter-spectral prediction; Error compensation; Subspace partition
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