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Abstract This paper develops a new character identifying method applying least Hamming distance classifier system.The imple—
mentation of this character recognition method is discussed.lt provides a practical approach of academic project applying.This pa-—
per does time—character identifying experiment about 500 frame continuous image character identifying accurate rate is 99.8%.
This character identifying method can pick up character accurately.It meets the purpose of accurate recognition character.
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1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16
217 3.15 329 348 215 350 386 228 1.76 153 276 120 3.04 527 597 278 3.012
BP 334 437 427 474 283 450 472 309 210 255 361 182 3.13 544 627 307 3.740
2g-r-b 443 733 587 526 344 7.19 6.68 370 451 343 6.81 4.63 7.66 10.51 1326 8.73 6.466
-149R+218G-73B  4.06 5.11 4.13 5.00 3.06 575 552 354 268 295 413 236 376 585 7.1 398 4312
2G-R-B 465 549 460 565 3.61 671 630 4.10 3.13 3.77 4.68 2.64 3.71 525 627 338 4.621
3 o
3
! % ! % / ! % ! % / 5
1.433 0 1.00 3.012 0 1.00
BP 1.848 0415 129 3740 0729 124 BP
2a-r—b 3828 2395 267 6466 3454 215 Bayes RGB
—149R+218G-73B  2.772  1.339 1.93 4312 1.301 1.43
2G-R-B 3.178  1.745 222 4.621 1.610 1.53 A
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