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Vector Clustering and Its Application in Sparse Component Analysis

CAI Rong-tai'?, WANG Yan-jie'
(1. Image Lab, Changchun Institute of Optics, Fine Mechanics and Physics, Chinese Academy of Sciences, Changchun 130033;
2. Graduate School, Chinese Academy of Sciences, Beijing 100039)

[Abstract] A vector clustering algorithm is proposed to cope with the inefficacy of traditional clustering algorithms to vector data. The algorithm
classifies data into clusters by minimizeing the distance of a datum to a vector. The clustered centers are vectors. According to the distributing
character of the sparse signal, a sparse signal separation algorithm is proposed which estimates the mixture matrix based on the vector clustering

algorithm, and separates the source signal using the estimated mixture matrix. The algorithm is simple in computation comparing with traditional

separation algorithms. Experimental results show that the algorithm is effective in vector data clustering and sparse signal separation.
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